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Methods Conclusion
Experimental Design « 3D motion capture data can determine if participants were distracted by

a cognitive task while walking

* Initial step towards more refined preprocessing and machine learning to
build a more sensitive detector
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Future Directions

 Classification significant in 7/9 subjects but well under 100%;
suggests need for more refined preprocessing and machine learning
methods

» Improve sensitivity through classification on higher-order features
(e.g. using gait cycle and center of mass)

« Examine model feature weights to determine whether some 3D
markers are uninformative and do not need to be collected in future
e studies
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* Initial analysis with extremely minimal preprocessing
» Build MATLAB code to organize data for machine learning
» Due to gaps in the data, all analyses were performed within-subjects to determine if the marker data could distinguish between single- References
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